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Analysis of the Integration Path of Symbolism and Connectionism of Artificial Intelligence

WEI Bin
( Institute of Digital Jurisprudence Zhejiang University Hangzhou 310008 China)

Abstract: The evolution of Al has formed two representative approaches of symbolism and connectionism of Al. The advantage of symbolic Al is that the

reasoning process is transparent and interpretable but there are problems such as incompleteness framework problems and knowledge reception bottle—

necks. Connectionist Al has strong abilities of generalization and transportability but its drawbacks are the inexplicability and overfitting of the algorithm.

Symbolic and connectionist Al have significant integration possibilities. Under the background of the new generation of Al the integration of the two ap—

proaches has produced new paths which have shown strong integrating potential in neural networks with logical reasoning machine learning based on the

symbolic representation cognitive graph and its reasoning machine learning and argumentation mining and other cross — fields.
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