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The Trend of Artificial Intelligence Art Generation from the Theory of the Hypoicon
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Abstract: Artificial intelligence art is a form of artistic creation using machine learning. Drawing
on Peirce’s theory of the hypoicon, this paper divides the semiotic images presented by artificial
intelligence art into image pictures and diagram pictures. Image pictures are those that mainly
adopt convolutional neural networks and neural style transfer models for their generation, and
diagram pictures are those that mainly use antagonistic neural networks and diffusion models. It is
further argued that artificial intelligence cannot yet generate artistic works with metaphorical
pictures due to a lack of intentionality and that human—computer symbiosis is the main prospect
for the future development of the field of artificial intelligence art generation.
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